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The second dataset contains 104,412 Indic-English
transliteration scraped from Wikidata along with

ooint contains the (x,y) coordinate

character type that are incorrectly predicted by the
model.
e The variation in the angle between points on the
keyboard in the words which were incorrectly
predicted.
The phonetic similarity between words which were
incorrectly predicted.
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In this paper, we have demonstrated how a CTC-based path decoder and an ELMo-based spelling correction

module can enable Indic gesture typing. Going further, we wish to extend our work to support visually impaired

users and diversify our dataset to a larger set of languages.
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